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Score
CVRP BKS Challenge
January 12, 2026 15:00 UTC — February 12, 2026 02:30 UTC

Challenge ended 0.15031 days ago

Pos Team Score BKSs Last Update
1 OptVerse-Cityl 1,800.31632 51 2026/02/11 15:52:19 (XL-n8968-k5634)
2 TQrouting 90411045 27 2026/82/12 B1:52:86 (XL-nS861-k184)
3 Sub-Appra 267.40042 & 2026/082/11 98:53:52 (XL-n3168-k138)
4 AILSI+ 156. 15780 8 2026/02/18 18:17:26 (XL-n3833-k1A18)
5 AILS-HGS 103.62808 4 20826/82/84 22:20:12 (XL-n380a-k29)
& Galileg 7599384 3 2826/82/11 87:86:54 (XL-nl623-k30)
7 Sorry I'm Late 0.25263 ] 2026/02/81 18:19:03 (XL-n1835-k237)
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